== MicrOSOft Microsoft Fabric

This presentation is the property of Microsoft and is intended for informational and educational purposes only. You may use, copy, and distribute this
presentation for your personal, non-commercial purposes. You may not modify, alter, or create derivative works from this presentation without the
prior written consent of Microsoft. You may not use this presentation to misrepresent, defame, or disparage Microsoft or its products, services, or

affiliates. You may not use this presentation to endorse or promote any other products, services, or organizations without the prior written consent
of Microsoft.

By using this presentation, you agree to abide by these terms. If you do not agree, you must not use this presentation. Microsoft reserves the right to
change these terms and conditions at any time without notice. Microsoft disclaims any and all warranties, express or implied, relating to this

presentation, including but not limited to the accuracy, completeness, timeliness, or suitability of the information contained herein. Microsoft is not
liable for any damages, losses, or liabilities arising from your use of or reliance on this presentation.

Please review the terms of use posted in the content library.



The Al-native Data Engineer
FABCONSQLCON2026

ll‘
|'o N :
Microsoft Fabric | Microsoft SQL

COMMUNITY CONFERENCE COMMUNITY CONFERENCE

ATLANTA MAREH 16 - 20, 2026 Deepa Rajagopal  senior Product Manager

Piero Morano Principal PM Manager



* | lead the product work on Fabric Notebooks,
iIncluding the VS Code Data Engineering extension,
environments, and library management.

 Fun facts:

* Born and raised in ltaly, lived in China for 15 years and
now in US.

* Love for travels, soccer and skiing

Piero Morano: Principal PM Manager
Data Engineering Developer Experience
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Microsoft history:

Recent: Fabric for 5
years

Prior: Bing Ads

Outside of work:

Travel with family

Deepa Rajagopal: Product Manager Cross-fit training

Data Engineering Developer Experience Creative writing
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The Data Engineer (r)evolution

With Al models generating reliable code, Data Engineers are evolving into strategic roles — doing all the thinking
and planning while agents execute the work.

/(I‘he Traditional Data Engineer \ @ The Al-Native Data Engineer

4+ Writes every line of ETL code manually 4+ Thinks, plans, and designs the architecture
4+ Deep expertise in specific frameworks & 4+ Delegates execution to Al agents

tools 4 Focuses on data strategy & business

4 Spends most time on implementation outcomes

details 4 Reviews, validates, and orchestrates agent
4 Debugging connection strings & syntax work

€rrors 4 Value measured by impact and decisions
4+ Value measured by lines of code shipped made

*\Bottleneck: execution speed of one persy 4+ Multiplier: one engineer, many agents




The Right Tool for the Right Job

Background, task type, and personal preference determine the best surface for every Data Engineer.

@ Web Platform

4 Fabric portal

4 Zero setup — open a browser and go
4 Best for citizen developers & analysts
4 Rich visual data exploration

4+ Collaborative editing & sharing

4 ldeal for ad-hoc queries &
dashboards

/= IDE — VS Code \

4 Full development environment
4 GitHub Copilot deeply integrated

4 Best for pro developers & data
engineers

4 Extensions, debugging, source
control

4+ Multi-file editing & refactoring

4 ldeal for complex pipeline
development

U v

/- CLI — Terminal \

4 Command-line agents & automation
4 Copilot CLI for natural language tasks

4 Best for DevOps & automation
engineers

4 Scriptable, repeatable, CI/CD friendly
4 Headless execution — no Ul needed

4 Ideal for infra setup & batch
operations

& v

There's no single "best" tool -
the right choice depends on the engineer’'s background, the task at
hand, and personal workflow preference.



Explorative vs. Autonomous — Choosing the Right Mode

Interactive exploration needs conversation. Autonomous execution needs delegation.

/" ®_ Explorative — High Interaction

&

4+ Conversational back-and-forth with the Al agent

4 |deal for data profiling, debugging, ad-hoc analysis

4 Best surfaces: Notebook Copilot, VS Code Copilot Chat
4 The engineer guides, the agent assists in real time

S

%

Notebook
Copilot

Example Scenarios

®_ "Profile this dataset and find anomalies"
B "Build a transformation notebook with tests"

B "Copy all items from workspace A to B with data"

VS Code
Copilot
Chat

- Notebook Copilot
- VS Code + Copilot Chat

- Copilot CLI

/@ Autonomous — Full Delegation

4+ Agent executes multi-step tasks independently

4 Ideal for infrastructure setup, batch operations, CI/CD
4 Best surface: Copilot CLI agents

4+ The engineer defines the goal, the agent delivers end-

to-end

v

®
Copilot CLI



Live demo:
VS Code Data Engineering extension overview
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Scenario 1:
On-boarding an EventStream into a medallion

architecture leveraging uploaded skills in builtin
folder.
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Scenario 1: On-boarding an EventStream

*| am reading an Eventstream using a Spark Notebook leveraging Kafka
(this feature was in Amir keynote yesterday) — This is bridging Spark
and RTI

* The stream comes into the Notebook as Json and | would like to
transform it into a Delta Table following the best practices of Medallion
Architecture and EventHub best practices

*| am not very familiar with Spark Streaming, so | rely on Copilot agent
for help

* | et’s see what happen

& |
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lE:. EXPLORER W Social_Media_Feed.ipynb ® 3 ¥ DO - CLAUDECODE  CHAT +~ @ - | [] X
3 o ot
~ OPEN EDITORS 1 unsaved PieroMSIT-WS » Notebooks > Social Media_Feed » [l Social_Media_Feed.ipynb » () # Set the event stream item and datasource IDs ¢ RESOLVING COMFLICT IN SOCIAL MEDIA FEED NOTEBOOK (1)
® B Social Media Feedipynb PieroMSIT.. 4, Generate -+ Code + Markdown | (> RunAll 'O Restart D View Recent Runs = Outline - B pyspark
“ WORKSPACES [FABRIC DATA ENGINEERING]
G B - W = .
» wscode > All right ready?
v PieroMSIT-WS # Set the event stream item and datasource IDs
) in_eventstream item id = "8dd11d66-e91f-4da8-9a73-Balcc47caebl” W Social_ Media_Feed.ipynb » Cell 2:13-28
> Environments L i =

__in eventstream datasource id = "2249148f-3712-4def-Bedb-e7881fb14d56™
> ™ Lakehouses

= e X parameters + Tag Python Ready! Go ahead whenever you want.
5 00 e i [[f} l'-:ﬂ Claude Opus 4.6 {1M context){Internal only) » 6x
_orchestration
> Al_Medallion : ?
- ) from pyspark.sql import SparkSession
» Al_Native_Builder from pyspark.sql.functions import col
> Copy_LH1_to_RetailCurated from pyspark.sql.types import StringType
» Create_Calendar_Table from pyspark.sql.dataframe import DataFrame |
» DIMSITTest
> Retail Lakehouse Creation
] : eventstream options = {
> RetailAnalysis >
) . "eventstream.itemid": _ in_eventstream_item_id,
> RetailSales "eventstream.datasourceid”:  in eventstream datasource id
~ Social_Media_Feed ¥
> builtin
» dependencies
B social_Media_Feed.ipynb # Read from Katka using the config map
3 Testd - B df_raw = spark.readStream.format("kafka").options(**eventstream_options).load()
decoded_df = df_raw.select(
col("key").cast(5tringType()).alias("key"),
col{"value").cast(5tringType()).alias("value™),
col("partition™},
col{"offset™)
)
def showDf(x:DataFrame, y:int):
®. show( )
# Print messages to the console
guery = decoded df.writeStream.foreachBatch(showDf).outputMode("append™).start()
guery.awaitTermination()
Python
@ Sociagl Medio Feed.ipynb « Cell 1
An expert assistant of Fabric Data Engineering extension that helps user
» OUTLINE 4+ L ~ FabricMotebook e 3
» TIMELIME

1
L ]

o

&8 Cel1of2

¢ Fabric Data Engineering () 0 /A 181 Fabric Data Engineering: pimorano@microsoft.com Spaces:4 |




Scenario 2:
Standardizing in line code in Notebooks in a
wheel package for reusability.
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Scenario 2: Standardizing in line code in Notebooks in a
wheel package for reusability

*| have several Notebooks in my workspace within line logic for
calculation of metrics and scores.

*| would like to package this logic in a wheel file for better reusability

*| ask Copilot for help. Copilot build the full assembly and generate the
wheel package in the builtin folder

*Then | ask to modify the Notebook to remove the logic and call the
package instead

*Not in the demo: upload the package to an environment for better
reusability across workspaces

- |
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@ EXPLORER
1

“ OPEN EDITORS 1 unsaved

® [ Social_ Media_Feed.ipynb PieroMSIT...
W Build RetailAnalytics_Package.ipynb...

v WORKSPACES [FABRIC DATA ENGINEERING]
> .vscode

v PieroMSIT-WS
> Environments
> . Lakehouses
3 v [ Notebooks
> 00_orchestration
> Al_Medallion
> Al_Native_Builder
Vv Build_RetailAnalytics_Package
> builtin

> dependencies

B Build_RetailAnalytics_Package.i...

Copy_LH1_to_RetailCurated
Create_Calendar_Table
customer_analytics
customer_analytics Copy
DJMSITTest
inventory_sync
inventory_sync Copy
Notebook_1
ProductAnalysis
PromoUpliftSpec
reporting_pipeline
reporting_pipeline Copy
Retail Lakehouse Creation
RetailSales
RetailSalesData
RetailSalesPromotion
sales_aggregation
sales_aggregation Copy
sales_data_ingestion
sales_data_ingestion Copy

setup_variable_library

(V\/\/VV\/\/VV\/\/VVV\/VVV\/VV

Social_Media_Feed
> builtin
> dependencies
B Social Media_Feed.ipynb
> UpliftLogic

> OUTLINE
> TIMELINE

> Fabric Data Engineering ®0A4 Fabric Data Engineering: pimorano@microsoft.com

n

B Social_Media_Feed.ipynb ® [ Build RetailAnalytics_Package.ipynb
WS > Notebooks > Social_Media_Feed > [ Social_Media_Feed.ipynb > Mi Social Media Feed — Real-Time Data Pipeline

+ Code -+ Markdown | > RunAll O

O View Recent Runs = Outline
.filter(col("comment_text").isNotNull() & (trim(col("comment_text")) != ""))

# 3. Standardize, enrich, and reorder — business columns first, technical on the right
df_silver = (
df_valid
.withColumn("platform”, lower(trim(col("platform"))))
.withColumn("post_type", lower(trim(col("post_type"))))
.withColumn("comment_text", trim(col("comment_ text")))

.withColumn("post_timestamp”, to_timestamp(col("post_datetime"), "yyyy-MM-dd HH:mm:ss"))

.withColumn("sentiment_score",
when(col("sentiment™) == "Positive", 1.8)
.when(col("sentiment") == "Neutral"”, 8.5)
.otherwise(8.0)

)

.withColumn("post_hour"”, hour(to_timestamp(col("post_datetime"), "yyyy-MM-dd HH:mm:ss")))
.withColumn("post_day of week", dayofweek(to_timestamp(col("post datetime"), "yyyy-MM-dd HH:mm:ss")))

.withColumn("“engagement score",

(col("likes count").cast("double") + col("shares_count").cast("double") + col("replies count").cast("double"))

)

.select(
# Business columns first
"feedback id",
"post_timestamp”,
"platform”,
"post_type",
"customer_id",
"brand_id",
"comment_text",
"sentiment”,
"sentiment_score”,
"rating”,
"likes count”,
"shares_count”,
“replies_count",
"engagement_score",
"hashtags",
"post_url",
# Derived time dimensions
"post_hour",
"post_day_of_week",
# Metadata / technical columns on the right
"ingestion_timestamp”,
"batch_id",
"ingestion_date",

%

£ pySpark

Python

CLAUDE CODE CHAT

@il = | L
& CREATING A .WHL PACKAGE FOR RETAIL DATA ENGINEERI...
Restore Checkpoint «+ %
Wait

Standing by

C O Yy &P -+ Claude Opus 4.6 (1M context)(internal only) « 6x
{ @ Social Medio_Feed.ipynb » Cell 1

An expert assistant of Fabric Data Engineering extension that h¢

+  FabricNotebook

LI Local © Default Approvals

Claude Opus 4.6 (1M conte...

& Cell1of15

-
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Scenario 3:
Bulk updates to notebooks with hardcoded
values
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Scenario 3: Bulk update of notebooks with hardcoded code
cells

*| have several Notebooks in my workspace with hardcoded values like
Lakehouse name, Database name in it.

*|Instead of fixing this manually, | ask Copilot to review the notebooks
and suggest improvements.

* Copilot scans through the notebooks and identifies:

* hardcoded values and duplicated configuration.

* that there is no mechanism to switch from dev to test to prod so this would demand manual
updates.

*|t suggests three simple steps:

 Create a Variable Library with these keys
 Update all the notebooks to reflect the changes
* Finally validate the updated Notebooks

& |
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] File Edit Selection View Go Run Terminal Help = =2
@ EXPLORER -+ [l sales_data_ingestion.ipynb B reporting_pipeline.ipynb B inventory_sync.ipynb
\/ OPEN EDITORS PieroMSIT-WS > Notebooks > customer_analytics > [ customer_analytics.ipynb > Mi Cust

B sales_data_ingestion.ipynb PieroMSl... %, Generate + Code -+ Markdown | > Run All

B reporting_pipeline.ipynb PieroMSIT-...
B inventory_sync.ipynb PieroMSIT-WS/...
[~
X [ customer_analytics.ipynb PieroMSIT...
v WORKSPACES [FABRIC DATA ENGINEERING]

> .wscode Segments customers by lifetime value and writes analysis results to the reporting database.

v PieroMSIT-WS
> Environments
v & Lakehouses
> Gold_Lakehouse
> retail_curated_|h
Vv retail_raw_lh
> [ Files
v B Tables
@ Social_Media_Raw
ﬂ;1bmp
> RetailLakehouse
> SampleLakehouse
v [ Notebooks
> 00_orchestration
> Al_Medallion
> Al_Native_Builder
> Copy_LH1_to_RetailCurated
> Create_Calendar_Table
v customer_analytics
> builtin
> dependencies
B customer_analytics.ipynb

b 7Z2B8-W
sales_aggregation.ipynb PieroMSIT-... i C u StO m e r A n a Iyt i CS

# Configuration
lakehouse_name = "sales_lakehouse"
data_folder = "raw/customers/2026"

db_server = "zava-sql-prod.database.windows.net”
db_name = "SalesDB"
db_username = "analytics_user”

db_password = "Cust@m3r@2e24!"

print(f"Source: {lakehouse_name}/{data_folder}")
print(f"Target DB: {db_server}/{db_name}")

# Read customer data from lakehouse
from pyspark.sql import Row
import random

customer_data = []
for i in range(20):
customer_data.append(Row(
customer_id=f"CUST-{i:@3d}",
name=f"Customer {i}",

Q. Workspaces [Fabric Data Engineering]

B sales_aggregation.ipynb
omer Analytics

& View Recent Runs

®s tosd® - o X
B customer analyticsipynb X &3 ¥ (I - CLAUDE CODE  CHAT R
& CENTRALIZING CONFIGURATION IN NOTEBOOKS WITH COPILOT
& Select Kernel Restore Checkpoint « %
ok
Ready when you are!
C @ uﬁ; L;D Claude Opus 4.6 (1M context)(Interna! only) « 6x

Python

» customer_analytics Copy segment=random.choice(["Premium”, "Standard”, “"Basic"]),

> DIMSITTest lifetime_value=random.randint(1000, 50000),

v inventory sync region=random.choice(["North", "South", "East", "West"
y_sy g

> builtin ) b
> dependencies

customers_df = spark.createDataFrame(customer_data)

W inventory_sync.ipynb print(f"Loaded {customers_df.count()} customer records™)

> inventory_sync Copy customers_df.show(5)
> reporting_pipeline Byt
> reporting_pipeline Copy
> Retail Lakehouse Creation {- @ customer_analytics.ipynb « Cell 1
> RetailAnalysis
: ¥ Moadyac intaee segr.nents- An expert assistant of Fabric Data Engineering extension that helps users author, d
> RetailSales from pyspark.sql.functions import col, count, avg
> sales_aggregation +  FabricNotebook Claude Opus 4.6 (1M context)(Internal only) e
S OUTLINE segment_analysis = customers_df \ i
> TIMELINE - T Python J Local © Default Approvals >

Q

< Fabric Data Engineering ) 0/\ 4 Fabric Data Engineering: pimorano@microsoft.com & Cell1of5




Copilot in notebooks




What Copilot understands

)

%

Context Awareness

Current workspace
Notebook metadata
Notebook cells and output
Default lakehouse

Runtime environment and compute

Tooling Integration

Lakehouse data, tables, schema
Notebook authoring & execution
Resources interaction

Spark monitoring & diagnostics

Schedule management

Reasoning & Assistance

Code analysis
Contextual error diagnosis
Adaptive step recommendations

Autonomous iteration

()
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Where Copilot helps

Explore Data

» Discover and map data
models (tables,
columns,
relationships).

Code

» Generate and optimize
complex
queries/transforms.

» Refactor and

Fix & Optimize
» Diagnose errors and

pipeline bottlenecks.

» Recommend fixes, next
analysis steps or

Scale Workflows

» Recommend next steps
analysis steps or
improvements.

» Organize notebooks for

» Profile data to spot streamline notebook improvements. clarity and modular
anomalies and quality logic. execution.
ISsues.
» Translate code across » Implement logging and
PySpark and Spark manage scheduling.
SQL.
“ON | \&—3 ATLANTA26 | ONTHE #FABCONSQLCON26
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Environment

Saved

Workspace default
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PySpark
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U
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3
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;_',-" Develop
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.
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Where Copilot helps

Explore Data

» Discover and map data
models (tables,
columns,
relationships).

Code

» Generate and optimize
complex
queries/transforms.

» Refactor and

Diagnose & Fix

» Diagnose errors and
pipeline bottlenecks.

» Recommend fixes, next
analysis steps or

Scale Workflows

» Recommend next steps
analysis steps or
improvements.

» Organize notebooks for

» Profile data to spot streamline notebook improvements. clarity and modular
anomalies and quality logic. execution.
ISsues.
» Translate code across » Implement logging and
PySpark and Spark manage scheduling.
SQL.
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Run all

Run

View

® Standard session
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Markdown
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Environment
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Where Copilot helps

Explore Data

» Discover and map data
models (tables,
columns,
relationships).

Code

» Generate and optimize
complex
queries/transforms.

» Refactor and

Fix & Optimize
» Diagnose errors and

pipeline bottlenecks.

» Recommend fixes, next
analysis steps or

Scale Workflows

» Recommend next steps
analysis steps or
improvements.

» Organize notebooks for

» Profile data to spot streamline notebook improvements. clarity and modular
anomalies and quality logic. execution.
Issues.
» Translate code across » Implement logging and
PySpark and Spark manage scheduling.
SQL.
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= Microsoft ’ Fabric mmwspec X @ ConfidentiahMicrosoft Extended

-
/7 Develop

B 4 'f"_’,i > Run all ® Standard session [] o PvSpark (Python) Environment Workspace default 12 Data Wranales U - )O ‘,’- Copilot

Explorer

" I Code -+ Markdown » copilot » D O B X

v
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3Micr050ft ‘ Fabric mw X ProductAnalysis @ ConfidentiahMicrosoft Extended v

@ Home Edit Al tools Run View J Comments (\ History .é‘; Develop

— o . o ™ = < . = . ~ 'R -
& EX > Run all ® Standard session ] & | PySpark (Python) Environment Workspace default Tzf« Data Wrangle A I )o £ Copilot

Explorer

' a Data items

Modular Uplift Logic Notebook

-
.
l__l Resources

T ¢ This notehook contains a reusable function and workflow for measuring promotion uplift
Gatalog ) . e . , ' ' o ' < an
- e Pass the new parameter group by field to group results by any valid hield (e.g. "brand name calegory product id
_r.c Lonnections |
<:> — ¢ o reuse in other notebooks, call this notebook and set product filters, date ranges, and grouping column as parameters
o ) ~\
=+ Add data items 2

@ Onelake

@l Time

) 1 # PARAMETERS - Full flexibility for filtering and groupings
from notebookutils import mssparkutils
& Retaillakehouse

P o import json
03 .

WOorKioags

def pgel param(name, default=None, paramtype=None):

.,
o

PleroMSIT
wSs

val = mssparkutils.runtime.get context(name)
if val is MNone:
return default
10 if paramtype == list and isinstance(val, str):
sse 11 return json.loads(val)
12 return val
excepl Excepll

14 return default

16 window_days = int(_get param( 'window days', 7))
product category = pget param( product category’

18 promotion type = get param( 'promotion_

19 city = pget param('city’, None)
region = _get _param( 'region’, None)
state = pgel param( 'state’, None)

22 year = get param( 'year , None)

)3 group by fields = get param('group by fields', ["category"], paramtype=list)

24 4 Force convert to list if needed

y if isinstance(group by fields, str):

' 4 26 try:

e A a - - ® e -
b ° SESSION lm.(l',' k } AUloSave: Un [-'r’ Copilot ,Lr";)|:l ons. Un

r+
<
©
)
-
g
-
(]

I Selected Cell 14 of 14 cells
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Autonomous Code:
Real life experience from a Data Engineer:
Raki Rahman

» X |
?0 N ‘ \X ATLANTAZ6 écc))lm\;r;RESATION

HFABCONSQLCONZ26



S sqQL Telemetry & Intelligence
Raki Rahman

\Idempotent /
Principal Software Engineer A“t°mated

SQL Server Telemetry & Intelligence \ /

Observable / ‘ \Trustworthy
\ Scalable

Robust
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JONTHE 4 EABCONSQLCON26

CONVERSATION

ATLANTAZ6




The Al-Native Data Engineer’s
Best friend — Ralph Wiggum

See Ralph Loop



https://ghuntley.com/ralph/

How we use Spark
SQL Telemetry & Intelligence

We can test this locally
similarly too

®
;o

Spark Streaming

]

:. ————

Stable well-known
static schemas

A\ DELTA LAKE

Schematized
Tables

==£. o Local Spark

Docker on your laptop

*’é Driver Process

Lakehouse mock Fabric Livy mock

HIVE - <7

Livy Server

| —

=[2] Integrated Development Environment

To enable parallel dbt ot
buids, the default Derby —
Spark ships with is single
reader, single writer, a
huge testing bottleneck

SQL Server

on docker Hive API

VS Code

Declarative ETL

- dbt——

Vibe coding

®
F X dbt <5<

Dbt + Lakehouse

O

Data Quality
Referential Integrity

(v
Onelake

Merge to main

Data Data
Warehouse Mart
N LA, Business Value
Kimball SCD2, Pre-aggregated,

with trx-grain Periodic Snapshots

Push with fabric-cicd

blobfuse read-
only

ﬁﬂm =22k

d]'i /tmp/mnt/onelake

Cl Spark ﬁﬂm

Cl machine with Docker

@

& © Github
Q Schematized Tables 2 Y Actions
Local HDD
. Azure
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Rapidly parallelize/tear-
down with GitHub Copilot
CLI/Claude Code etc

The exact same VSCode
Devcontainer

When you have a large
codebase with thousands
of files and jobs, you
MUST have this

“Delegate, delegate, DELEGATE!"
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Autonomous development with
GitHub Copilot

N,



o Data Engineering team
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Builds anywhere

on your laptop with docker
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We are working on orchestrating
100s of these per branch

Breakpoints

Devcontainer o
.} git o

Spark Programs

& GitHub Copilot

B devcontaine rjson

{

"name": "Ubuntu®,
"build": {
"dockerfile": "Dockerfile.local",

b,
"features™: {

"ghecr.io/devcontainers—contrib/features/scala-sdkman:2": {},

"ghcr.io/devcontainers/features/python:1": {} Pull Request
} Unit Tests

}
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HH 10mins  15mins 5 mins m 1 mins 3 mins 1 min >
Download Rebuild Docker Docker Start Start
deps Container Push ] Pull VSCode Debugging
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Sound off.
The mic is all yours.

Influence the product roadmap.

Join the Fabric User Panel ’_‘

h .

Share your feedback directly with our

Fabric product group and researchers.

https://aka.ms/JoinFabricUserPanel

-
Join the SQL User Panel ™% 4

Influence our SQL roadmap and ensure
It meets your real-life needs

https://aka.ms/JoinSQLUserPanel

"ON | =
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How was
the session?

FABCON & SQLCON - The Microso ft

Fabric & SQL Community Conferences
Mar 16 — 20, 2026

5@ rpnCl
wrn*"”*

Additional Resources

@ @
Leaderboard Photos

Complete Session Surveys In

(Ju&oua, for your chance to WIN

PRIZES!

— .
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Get Two Fabric
Certifications for FREE

Attendees of FABCON can take the Fabric Analytics Engineer or Fabric
Data Engineer exam for free. Be part of the 2 fastest growing role-based
certifications in Microsoft history.

Microsoft Certified
Associate

* %

Request your voucher by March 23, 2026.

https://aka.ms/fabcon/cert100
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